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ABSTRACT: 

Patients with Liver disease have been continuously increasing because of excessive consumption 

of alcohol, inhale of harmful gases, intake of contaminated food, pickles and drugs. Automatic 

classification tools may reduce burden on doctors. This paper evaluates the selected classification 

algorithms for the classification of some liver patient datasets. The classification algorithms 

considered here are Naïve Bayes classifier, C4.5, Back propagation Neural Network algorithm, 

and Support Vector Machines. These algorithms are evaluated based on four criteria: Accuracy, 

Precision, Sensitivity and Specificity. 
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ABSTRACT 

This paper aims to explore models based on the extreme gradient boosting (XGBoost) approach 

for business risk classification. Feature selection (FS) algorithms and hyper-parameter 

optimizations are simultaneously considered during model training. The five most commonly used 

FS methods including weight by Gini, weight by Chi-square, hierarchical variable clustering, 

weight by correlation, and weight 

byinformationareappliedtoalleviatetheeffectofredundantfeatures.Twohyper-parameteroptimization 

approaches, random search (RS) and Bayesian tree-structured Parzen Estimator (TPE), are applied 

in XGBoost. The effect of different FS and hyper-parameter optimization methods on the model 

performance are investigated by the Wilcoxon Signed Rank Test. The performance of XGBoost is 

compared to the traditionally utilized logistic regression (LR) model in terms of classification 

accuracy, area under the curve (AUC), recall, and F1 score obtained from the 10-fold cross 

validation. Results show that hierarchical clustering is the optimal FS method for LR while weight 

by Chi-square achieves the best performance in XG-Boost. Both TPE and RS optimization in 

XGBoost outperform LR significantly. TPE 

optimizationshowsasuperiorityoverRSsinceitresultsinasignificantlyhigheraccuracyandamarginally 

higher AUC, recall and F1 score. Furthermore, XGBoost with TPE tuning shows a lower 

variability than the RS method. Finally, the ranking of feature importance based on XGBoost 

enhances the model interpretation. Therefore, XGBoost with Bayesian TPE hyper-parameter 

optimization serves as an operative while powerful approach for business risk modeling. 
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ABSTRACT: 

Classificationandpatternsextractionfromcustomerdataisveryimportantforbusinesssupport 

anddecisionmaking.Timelyidentificationofnewlyemergingtrendsisveryimportantin 

businessprocess.Largecompaniesarehavinghugevolumeofdatabutstarvingforknowledge. To overcome the 

organization current issue, the new breed of technique is required that has 

intelligenceandcapabilitytosolvetheknowledgescarcityandthetechniqueiscalledData mining. The 

objectivesof this paper are to identify the high-profit, high-value and low-riskcustomersby oneof 

thedataminingtechnique- customerclustering.In thefirst phase,cleansing the 

dataanddevelopedthepatternsviademographicclusteringalgorithmusingIBMI-Miner.In the second phase, 

profiling the data, develop the clusters and identify the high-value low-risk 

customers.Thisclustertypicallyrepresentsthe10-20percentofcustomerswhichyields80%of the revenue. 
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ABSTRACT 

Thenetworkprovidesamethodofcommunicationtodistributeinformationtothemasses.With 

thegrowthofdatacommunicationovercomputernetwork,thesecurityofinformationhas become a major issue. 

Steganography and cryptography are two different data hiding techniques. Steganography hides messages 

inside some other digital media. Cryptography, on the other hand 

obscuresthecontentofthemessage.Weproposeahighcapacitydataembeddingapproachby the combination of 

Steganography and cryptography. In the process a message is first encryptedusing transposition cipher 

method and then the encrypted message is embeddedinside an image 

usingLSBinsertionmethod.Thecombinationof thesetwomethodswillenhancethesecurityof 

thedataembedded.Thiscombinationalmethodologywillsatisfytherequirementssuchas 

capacity,securityandrobustnessforsecuredatatransmissionoveranopenchannel.A 

comparativeanalysisismadetodemonstratetheeffectivenessof theproposedmethodby 

computingMeansquareerror(MSE)andPeakSignaltoNoiseRatio(PSNR).Weanalyzedthe data hiding 

technique using the image performance parameters like Entropy, Mean and Standard 

Deviation.Thestegoimagesaretestedbytransmittingthemandtheembeddeddataare successfully extracted by 

the receiver. The main objective in this paper is to provide resistanceagainst visual and statistical attacks as 

well ashighcapacity. 
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ABSTRACT 

 
Educational Data Mining (EDM) is an emerging field exploring data in educational context by 
applyingdifferentDataMining(DM)techniques/tools.Itprovidesintrinsicknowledgeof teaching and 

learning process for effective education planning. In this survey work focuses on 

components,researchtrends(1998to2012)ofEDMhighlightingitsrelatedTools,Techniques and 
educational Outcomes.It also highlights the ChallengesEDM. 
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ABSTRACT 
 

 

With cloud computing, cheap storage and technology advancements, an enterprise uses multiple 
applications to operate business functions. Applications are not limited to just transactions, 

customer service, sales, finance but they also include security, application logs, marketing, 

engineering, operations,HR and many more. Each business vertical uses multiple applications 
which generate a huge amount ofdata. On top of that, social media, IoT sensors, SaaS solutions, 

and mobile applications record exponentialgrowth in data volume. In almost all enterprises, data 

silos exist through these applications. These applications can produce structured, semi-structured, 

or unstructured data at different velocity and in different volume. Having all data sources integrated 
and generating timely insights helps in overall decision making. With recent development in Big 

Data Integration, data silos can be managed better and it can generate tremendous value for 

enterprises. Big data integration offers flexibility, speed and scalability for integrating large data 
sources. It also offers tools to generate analytical insights which can help stakeholders to make 

effective decisions. This paper presents the overview on data silos, challenges with data silos and 

how big data integration can help to stun them. 
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ABSTRACT 

 

Relational databases are a technology used universally that enables storage, management 

andretrieval of varied data schemas. However, execution of requests can become a lengthy 

andinefficient processfor some large databases. Moreover,storinglarge amountsof data requires 

servers with larger capacities and scalability capabilities. Relational databaseshave limitations to 

deal with scalability for large volumes of data. On the other hand, non-relational database 

technologies,alsoknownasNoSQL,weredevelopedtobettermeettheneedsofkey-value storageof large 

amountsof records.But thereis a large amountof NoSQLcandidates,andmost 

havenotbeencomparedthoroughlyyet.Thepurposeofthispaperistocomparedifferent NoSQL 

databases, to evaluate their performance according to the typical use for storing and 

retrievingdata.Wetested10NoSQLdatabaseswithYahoo!CloudServingBenchmarkusinga mix of 

operations to better understand the capability of non-relational databases for 

handlingdifferentrequests,andtounderstandhowperformanceisaffectedbyeachdatabasetypeand their 

internal mechanisms. 
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ABSTRACT 

We present a Heterogenous Data Quality Methodology (HDQM) for Data Quality (DQ) assessment and 

improvement that considers all types of data managed in an organization, namely structured data represented 

in databases, semistructured data usually represented in XML, and unstructured data represented in 

documents. We also define a meta-model in order to describe the relevant knowledge managed in the 

methodology. The different types of data are translated in a common conceptual representation. We consider 

two dimensions widely analyzed in the specialist literature and used in practice: Accuracy and Currency. The 

methodology provides stakeholders involved in DQ management withacompleteset ofphases for 

dataqualityassessmentandimprovement.A nontrivialcasestudyfrom the business domain is used to illustrate 

and validate the methodology. 
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ABSTRACT 

 

Different spatial objects that vary in their characteristics, such as molecular biology and 

geography, are presented in spatial areas. Methods to organize, manage, and maintain 

those objects in a structured manner are required. Data mining raised different techniques 

to overcome these requirements. There are many major tasks of data mining, but the 

mostly used task is clustering. Data set within the same cluster share common features 

that give each cluster its characteristics.In this paper, an implementation of Approximate 

kNN-based spatial clustering algorithm using the K-d tree is proposed. The major 

contribution achieved by this research is the use of the k-d tree data structure for spatial 

clustering, and comparing its performance to the brute-force approach. The results of the 

work performed in this paper revealed better performance using the k-d tree, compared to 

the traditional brute-force approach. 
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