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ABSTRACT 

All types of machine automated systems are generating large amount of data in different forms 

like statistical, text, audio, video, sensor, and bio-metric data that emerges the term Big Data. In 

this paper we are discussing issues, challenges, and application of these types of Big Data with 

the consideration of big data dimensions. Here we are discussing social media data analytics, 

content based analytics, text data analytics, audio, and video data analytics their issues and 

expected application areas. It will motivate researchers to address these issues of storage, 

management, and retrieval of data known as Big Data. As well as the usages of Big Data 

analytics in India is also highlighted. 
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ABSTRACT 

Greatknowledgeandexperienceonmicrobiologyarerequiredforaccurate bacteriaidentification. 

Automation of bacteria identification is required because there might be a shortage ofskilled 

microbiologistsandcliniciansatatimeofgreatneed.Therehavebeenseveralattemptstoperform 

automatic background identification. This paper reviews state-of-the-art automatic bacteria 

identification techniques. This paper also provides discussion on limitations of state- of-the-art 

automatic bacteria identification systems and recommends future direction of automatic bacteria 

identification. 
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ABSTRACT 

Greatknowledgeandexperienceonmicrobiologyarerequiredforaccurate bacteriaidentification. 

Automation of bacteria identification is required because there might be a shortage ofskilled 

microbiologistsandcliniciansatatimeofgreatneed.Therehavebeenseveralattemptstoperform 

automatic background identification. This paper reviews state-of-the-art automatic bacteria 

identification techniques. This paper also provides discussion on limitations of state- of-the-art 

automatic bacteria identification systems and recommends future direction of automatic bacteria 

identification. 

Keywords 

BacteriaIdentification,Cocci,Bacilli,Vibrio,NaïveBayes,MachineLearning. 

 

 

Volume URL : 

https://airccse.org/journal/ijscai/current2014.htmlSourceURL:https://ai

rccse.org/journal/ijscai/papers/3214ijscai01.pdf 

https://airccse.org/journal/ijscai/current2014.html
https://airccse.org/journal/ijscai/papers/3214ijscai01.pdf
https://airccse.org/journal/ijscai/papers/3214ijscai01.pdf


RoutingWirelessSensorNetworksBasedonSoftComputingParadigms: Survey 

MarwaSharawi,ImaneAlySaroit,HeshamEl-Mahdy,EidEmary Faculty of 

Computer Studies, Arab Open University, Egypt 

ABSTRACT 

Wireless Sensor Networks (WSNs) are defined as dynamic, self-deployed, highly constrained 

structurednetwork. It`shigh computational environment withlimitedandcontrolled transmission 

range, processing, as well as limited energy sources. The sever power constraints strongly affect 

the existence of active nodes and hence the network lifetime. In order to prolong the network life 

timewehavetoovercomethescarcityinenergyresourcesandpreservetheprocessingofthesensor nodes 

as long aspossible. Power management approaches efficiently reduce the sensor nodes 

energyconsumptionindividuallyineachsensornodeandtheadaptiveefficientroutingtechnique has 

greatly appeals a great attention in research. The potential paradigms of soft- computing (SC) 

highly addressed their adaptability and compatibility to overwhelm the complex challenges in 

WSNs. This paper is introducing and surveying some of the Soft Computing proposed routing 

models for WSNs that optimally prolongs its life time. 
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ABSTRACT 

The induction motors have wide range of applications for due to its well-known advantages like 

brushlessstructures,low costsandrobustperformances.Overthepastyears,manykindofcontrol 

methods are proposed for the induction motors and direct torque control has gained huge 

importance inside of them due to fast dynamic torque responses and simple control structures. 

However, the direct torque control method has still some handicaps against the other control 

methods and most of the important ofthesehandicaps is high torque ripple. This paper suggests a 

newapproach,Fuzzylogicbasedspacevectormodulation,onthedirecttorquecontrolledinduction 

motorsandaimoftheapproachistoovercomehightorque rippledisadvantagesof 

conventionaldirecttorquecontrol. Inordertotest andcomparetheproposeddirect torquecontrol 

methodwithconventionaldirecttorquecontrolmethodsimulations,inMatlab/Simulink,havebeen 

carried out in different working conditions. The simulation results showed that a significant 

improvementinthedynamictorqueandspeedresponseswhencomparedtotheconventionaldirect 

torque control method. 
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ABSTRACT 

Big Data is used to store huge volume of both structured and unstructured data which is so large 

andishardtoprocessusingcurrent/traditionaldatabasetoolsandsoftwaretechnologies.Thegoal of Big 

Data Storage Management is to ensure a high levelof data quality and availability for business 

intellect and big data analytics applications. Graph database which is not most popular NoSQL 

database compare to relational database yet but it is a most powerful NoSQL database which can 

handle large volume of data in very efficient way. It is very difficult to manage large 

volumeofdatausing traditional technology. Data retrieval timemaybe moreas perdatabase size gets 

increase. As solution of that NoSQL databases are available. This paper describe what is big 

datastoragemanagement,dimensionsofbigdata,typesofdata,whatisstructuredandunstructured data, 

what is NoSQL database, types of NoSQL database, basic structure of graph database, 

advantages, disadvantages and application area and comparison of various graph database. 
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ABSTRACT 

Thediscoveryofnewandinterestingpatternsinlargedatasets,knownasdatamining,drawsmore 

andmoreinterestasthequantitiesofavailabledataareexploding.Dataminingtechniquesmaybe applied 

to different domains and fields such as computer science, health sector, insurances, homeland 

security, banking and finance, etc. In this paper we are interested by the discovery of a 

specificcategoryofpatterns,knownasrareandnon-presentpatterns.Wepresentanovelapproach 

towards the discovery of non-present patterns using rare item-set mining. 
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ABSTRACT 

Recently, a number of applications of automatic facial expression recognition systems 

havesurfaced in many different research fields. The automatic facial expression recognition 

problemisaverychallengingproblembecauseitinvolvesinthreesub-problems:1)facedetection, 

2) facial expression feature extraction, and 3) expression classification. Thispaper presents an 

automatic facial expression recognition system based on self-organizing feature maps, which 

provides an effective solution to the aforementioned three sub-problems. The performance of the 

proposed system was computed on twowell-known facial expression databases. The average 

correct recognition rates were over 90%. 
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ABSTRACT 

This paper presents an efficient scheme to locate multiple peaks on multi-modal optimization 

problems by using genetic algorithms (GAs). The premature convergence problem shows due to 

thelossofdiversity,themulti-populationtechniquecanbeappliedtomaintain thediversityinthe 

population and the convergence capacity ofGAs. The proposed scheme is the combination of 

multi-population with adaptive mutation operator, which determines two different mutation 

probabilities for different sites of the solutions. The probabilities are updated by the fitness and 

distributionofsolutionsinthesearchspaceduring theevolutionprocess.Theexperimentalresults 

demonstrate the performance of the proposed algorithm based on a set of benchmark problems in 

comparison with relevant algorithms. 
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ABSTRACT 

Selection of an industrial robot for a specific purpose is one of the most challenging problems in 

modern manufacturing atmosphere. The selection decisions become more multifaceted due to 

continuous incorporation of advanced features and facilities as the decision makers in the 

manufacturingenvironmentaretoassesawidevarietiesofalternativesbasedonasetofconflicting 

criteria. To assist the selection procedure various Multiple Criteria Decision Making (MCDM) 

approaches are available. The present investigation endeavours to mitigate and unravel the robot 

selection dilemma employing the newly proposed Multiplicative Model of Multiple Criteria 

Analysis (MMMCA) approach. MMMCA is a novel model in which all performance ratings are 

converted into numerical values greater than and equal to unity and converting all non-benefit 

rating into benefit category. Each normalized weight is used as the index of corresponding 

normalized ratings those are multiplied to obtain the resultant score. The best alternative is 

associatedwiththehighestresultantscore.Areallifeexampleiscitedinordertodemonstrateand 

validatetheapplicability,potentiality,suitability,flexibilityandvalidityoftheproposedmodel.At last 

sensitivity analysis is carried out for making dynamic decision 
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ABSTRACT 

ThispaperemployedanIntervalType-2FuzzyLogic(IT2FL)inthedetectionoffireoutbreakusing 
environmental parameters. Fireoutbreak data capturing device(FODCD) is developed and used in 
capturingenvironmental parametervalues.TheFODCDiscomprisedofDHT11temperaturesensor, MQ-
2smokesensor,LM393Flamesensor,andESP8266Wi-FimoduleconnectedtoArduinonano 
v3.0.board.AnandroidapplicationisdevelopedusingAndroidStudio3.0totestthefunctionalityof 
thesystem.Experimentalresultindicatesthat,withthetemperaturevalueof40.657oC,Smokevalue of 
77.86%, and Flame value of 762.95ppm (part per million), with a threshold T = 0.8, the IT2FL 
predictedfireoutbreakat0.778(78%).IT2FLisevaluatedusingtheTruePositiveRate(TPR),False 
Positive Rate (FPR), Accuracy, Error Rate (ER),Precision, and Recall performance metrics. The 
performanceresultshowsthat,thesystemperformsoptimallywhenthresholdTiskeptbetweenan optimal 
range of 0.8 and 0.85. 
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